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The CARE approach for academic librarians: From search first to answer 
first with generative AI

Leo S. Lo *,1

University of Virginia, United States of America

A B S T R A C T

Students and faculty are increasingly beginning their research by asking AI systems for explanations rather than by searching library resources. Chatbots and AI 
enhanced search tools now deliver fluent answers before users ever see a list of sources. This commentary argues that this “answer first” environment changes the 
starting point of academic inquiry and calls for a corresponding shift in academic librarianship. Librarians need an answer first mindset that recognizes AI responses 
as texts that require interpretation. I propose two related constructs to support that stance, a brief “answer typography” that helps librarians notice what kind of work 
AI answers are doing, and the CARE approach (Classify, Assess, Review, Enhance), which articulates a critical way of engaging those answers with users. Together, 
these ideas position librarians as leaders in helping their communities read, question, and build upon AI generated answers in ways that keep human judgment and 
scholarly evidence at the center of inquiry.

Inquiry now begins with AI answers

Academic librarians are accustomed to thinking of inquiry as starting 
with a search. A typical story runs like this: a student has a question, 
opens a database or discovery layer, retrieves a set of sources, and then 
begins evaluating and synthesizing them. Our instruction, reference 
work, and systems design have been built around this sequence. Much of 
our information literacy guidance still assumes that the first serious 
object of attention is a results list.

That story no longer describes the reality for many users. Students 
and faculty now often begin by asking AI systems directly. They type 
prompts such as “Explain the causes of the French Revolution,” “Sum
marize recent research on burnout in doctoral students,” or “Help me 
understand the differences between qualitative and quantitative 
methods” into ChatGPT or Perplexity. OpenAI’s analysis of ChatGPT 
usage shows that explanation seeking and information seeking requests 
are now the dominant patterns of use (Chatterji et al., 2025). At the same 
time, search engines are changing. Google’s AI Overviews and similar 
tools present AI generated paragraphs at the top of search results, and 
studies show that many users on mobile devices do not scroll beyond 
that first answer.

Librarians are beginning to document this shift. Meakin (2024)
critically examines how generative AI alters students’ use of library re
sources, noting both reduced reliance on traditional search tools and 
new patterns of engagement. Wetzel and Kani (2024) explore how AI 

chatbots can be integrated into information literacy instruction and 
argue that AI outputs can become productive prompts for teaching 
critical reading and verification skills. Madunić and Sovulj (2024) show 
how ChatGPT can be used to design course materials for information 
literacy instruction while still emphasizing the need for librarians’ 
expertise in shaping and evaluating what the AI produces. Kim (2025)
describes academic libraries repositioning themselves as more proactive 
knowledge facilitators in environments shaped by generative AI. These 
studies share a common thread. Generative AI is increasingly present at 
the front end of students’ interactions with information, and librarians 
are being called upon to respond thoughtfully.

By the time a student arrives at the reference desk, joins an in
struction session, or opens a library database, they may already have 
read a polished explanation. That explanation is not simply background. 
It acts as a frame for what seems plausible, what seems relevant, and 
what kind of answer feels complete. In other words, inquiry is now often 
answer first rather than search first. If librarians continue to think of our 
work as beginning once a user initiates a search, we risk missing the 
moment when the first interpretive move has already been made for 
them.

My contention is that academic librarians need an answer first 
mindset. We need to recognize AI answers as texts in their own right and 
bring our expertise in critical reading, evaluation, and instruction to 
bear on them.
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Answer typography as a supporting lens

The phrase “what ChatGPT said” hides the fact that AI systems 
produce different kinds of answers. In my AI literacy work, I have found 
it useful to distinguish four broad patterns, not as a strict taxonomy, but 
as a way of noticing what sort of work a given answer appears to be 
doing.

Some answers are factual. They respond to prompts like “What is 
open access?” or “When was the Meiji Restoration?” with concise 
statements that resemble dictionary or encyclopedia entries. Others are 
interpretive. They answer “why” and “how” questions, weaving 
together explanations or comparisons, as in “Why did the Roman Empire 
fall?” or “How does constructivism differ from behaviorism in educa
tion?”. A third pattern is constructive, seen when users ask for para
graphs, outlines, or sample responses such as “Write a paragraph 
introducing climate justice” or “Outline an essay on data literacy in li
braries.” These answers provide scaffolding for users’ own writing and 
products. The fourth pattern is strategic. These are plans and proced
ures in response to prompts like “How should I study for an exam?” or 
“What steps should I follow to conduct a literature review?”

Constructive and strategic answers can look similar, since both 
produce text. One practical way to keep them distinct is to focus on their 
role. Constructive answers concentrate on what to say or produce in a 
piece of writing. Strategic answers concentrate on how to act, the pro
cess or workflow a user might follow. A single response can mix these 
elements, but asking whether an answer is shaping content, process, or 
both helps clarify what kind of support a user may need next.

I refer to these four patterns as an answer typography. The categories 
blur at the edges. The value lies in prompting one simple question: what 
kind of answer is this? If we can help students and faculty see that a 
response is an interpretive narrative, not a neutral fact, or a generic 
strategy, not a context aware plan, we open space for critical engage
ment. Answer Typography gives us language for what kind of work an AI 
answer is doing. CARE, in turn, names how librarians can respond to that 
answer with users.

CARE: An approach for engaging AI answers

If inquiry is increasingly answer first, librarians need a way to talk 
about what it means to work with those answers. CARE is one way of 
naming four moves that I see as central to a critical stance: Classify, 
Assess, Review, and Enhance. These are not entirely new. They resonate 
with long standing practices in reference and instruction. Naming them 
provides shared language for librarians and teaching partners in an AI 
context.

CARE also sits alongside familiar evaluation frameworks such as the 
CRAAP test and Caulfield’s SIFT model (Blakeslee, 2004; Caulfield, 
2019). Those approaches focus on verifying web-based sources and 
tracing claims back to their origins. CARE is tailored to synthetic text 
generation. It assumes that the starting object is an AI produced answer 
rather than a web page or article. The final step, Enhance, which centers 
co creation and revision of AI text with users, marks a particular shift 
that reflects the interactive nature of generative systems.

Classify

Is the recognition stage. Here, the librarian and user identify what 
kind of answer they are dealing with. Is this answer factual, interpretive, 
constructive, or strategic? Asking that question out loud can shift a 
conversation. For example, when a student shows an AI response to 
“Why is peer review important?”, a librarian might begin by asking, 
“Does this feel like a definition, an explanation, or a set of recommen
dations?”. This quick classification encourages the student to think 
about the function of the text rather than accepting it as a generic 
answer. It ties answer typography directly into practice.

Assess

Involves looking closely at the content and tone of the AI answer. 
Librarians are accustomed to asking whose voices are present, what 
evidence is used, and what might be missing in any source. Those 
questions translate directly to AI outputs. With interpretive answers, a 
librarian might prompt, “Whose perspective on the fall of the Roman 
Empire does this reflect? Are there causes or viewpoints not mentioned 
here?”. With strategic answers, the questions might be, “Does this plan 
take into account your actual assignment, your time, and your in
stitution’s policies?”. Assessment encourages users to treat the AI 
answer as a constructed text rather than a neutral authority.

Review

Reconnects AI answers to the collections and tools under our stew
ardship. After classifying and assessing an answer, librarians can help 
users see how it aligns, or does not align, with scholarly sources. This 
might involve checking key claims in subject databases, comparing the 
AI explanation with peer reviewed articles, or using encyclopedias and 
handbooks as benchmarks. In Wetzel and Kani’s (2024) study, students 
who used AI in an information literacy class were guided to verify 
chatbot outputs against library resources, turning AI into a starting point 
rather than an end point. Madunić and Sovulj (2024) likewise stress that 
librarians must remain essential intermediaries when AI is used in 
designing instructional content.

Review does not require a full systematic search each time. Sampling 
one or two central claims against trusted sources can model the habit of 
verification. This is also the point where an answer first workflow loops 
back into search. The AI answer surfaces terminology, names, and 
tentative claims that can be turned into more precise keywords, subject 
headings, or database strategies. In that sense, AI functions as a pre- 
search tool, and librarians help users translate an initial answer into 
an informed search of the scholarly record.

Enhance

Describes the step where users begin to rewrite, extend, or otherwise 
transform the AI answer. This might mean revising a constructive 
answer so it better fits disciplinary conventions or the student’s own 
voice. It might mean expanding a factual answer with nuance found in 
scholarly sources, or modifying a strategic answer so that it fits the 
specific demands of a class. Librarians can encourage this by asking, 
“How would you change this answer now that you have seen other 
sources?” or “What would you add or revise to make this more accurate 
or more appropriate for your assignment?”. Enhance is where users 
move from passive consumers of AI outputs to active shapers of their 
learning. It is also the most distinct element of CARE, because it treats AI 
output as a draft to be improved rather than an object to be accepted or 
rejected.

A brief example makes this sequence concrete. Imagine a student in a 
reference consultation who holds up a laptop and says, “ChatGPT 
explained peer review like this. Is it right?”. The librarian might first ask 
the student whether the response feels more like a definition, an 
explanation of why peer review matters, or advice on how to use it. This 
is Classify. Together they might then read the answer and ask which 
aspects of peer review are present and which are missing, perhaps 
noticing that power dynamics or disciplinary variation are not 
mentioned. This is Assess. The librarian could then pull a short hand
book entry or a relevant article from a database and compare two or 
three key claims, modeling how to use the AI answer as a map into the 
literature. This is Review. Finally, the librarian might invite the student 
to rewrite the original answer in their own words, incorporating what 
they have learned from the scholarly source and the expectations of their 
assignment. This is Enhance. The interaction is recognizably traditional 
reference work, but it is now oriented around an AI answer as the first 
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text.
CARE can be used in reference consultations, instruction sessions, 

and faculty conversations. In a workshop on AI and research, a librarian 
might introduce CARE as a simple way to think about AI answers: first 
we classify the answer, then assess its content, review what scholarship 
says, and finally enhance it. Faculty can pick up these terms and inte
grate them into assignment prompts or classroom discussions. Students 
can use CARE as a mental checklist when they encounter AI answers on 
their own. The framework does not require new technology. It requires a 
shift in how we talk about AI and a willingness to position librarians as 
guides at the first interpretive step.

Libraries as answer first partners

Recasting inquiry as answer first has practical and strategic impli
cations for academic libraries. It suggests that our work increasingly 
begins at the moment a user encounters an AI answer, not only at the 
point of search. Adopting an answer first mindset means that we see AI 
outputs as objects of literacy in their own right. We bring to them the 
same critical instincts we have always brought to information: curiosity, 
skepticism, and a commitment to evidence.

The Answer Typography and CARE introduced here are offered as 
tools to support that mindset. They give librarians language to recognize 
different kinds of AI responses and to engage those responses in ways 
that keep our professional values intact. They also sit comfortably 
alongside existing evaluation models such as CRAAP and SIFT. Those 
models help users decide whether to trust what they see on the open 
web. CARE focuses on how to work with what AI writes. Together, they 
can structure a more complete response to a world where users move 
fluidly between search results and synthetic text.

These constructs may also help us communicate our role more clearly 
to faculty and administrators. Rather than being peripheral to AI de
velopments, academic libraries can be seen as central partners in 
shaping how AI is interpreted and used in the academic community. 
CARE does not ask librarians to approve or reject AI answers on sight. It 
asks them to help users read those answers as texts that can be ques
tioned, verified, and improved.

This commentary cannot resolve all the questions that arise when AI 
moves into the first step of inquiry. It can, however, suggest that aca
demic librarians are well placed to lead. I would invite colleagues to ask: 
In what ways are you already practicing CARE without calling it that? 
How might Answer Typography help you talk with students about the 
kinds of answers they are seeing? Where might these concepts need 
adaptation or critique in your context? Those are conversations worth 

having now, and academic libraries are a natural place to host them.
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